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FAAERT : pandas.DataFrame.to_dict(orient="record")
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FAAEPT : pandas.DataFrame.to_dict(orient="record")

Parameters:

orient : str {dict’, ‘list’, ‘series’, 'split’, ‘tight’
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FAAERT : pandas.DataFrame.to_dict(orient="record")

Ak D IELK(E T records” | o BEHRRBtypoltlFERTSETEILTULIE ?
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{pandas1 4] pandas.core.frame.py 4 [ pandas2.2 ]
pandas.core.methods.to_dict.py
elif orient.startswith("r"):

orient = "records" orient = orient.lower
\ J \ 0
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ISR : O ATwIEIETLASSOZESERBZ (LB 0\3)

FAAEIFR : sklearn.linear_model.LogisticRegression(penalty="11")

Parameters:

penalty : {IT’, '[2°, ‘elasticnet’, None}, default="12"
Specify the norm of the penalty:

* None: no penalty is added;
e '12':add a L2 penalty term and it is the default choice;

e '11':addall penalty term;
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e ‘elasticnet’ : both L1 and L2 penalty terms are added.
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FAAEIFR : sklearn.linear_model.LogisticRegression(penalty="11")

A Warning

Some penalties may not work with some solvers. See the parameter solver below, to

know the compatibility between the penalty and solver.
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FAAEIFR : sklearn.linear_model.LogisticRegression(penalty="11")

‘liblinear’ 11, 12 no

A Warning
i
The choice of the algorithm depends on the penalty chosen and on (multinomial) *;‘:
. _ =
multiclass support: -
4
solver penalty multinomial multiclass +de
5
‘Ibfgs’ 12", None yes 2
R
Ly
n
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FAAEFR ¢ sklearn.linear_model.LogisticRegression(penalty="11")

© Added in version 0.17: Stochastic Average Gradient descent solver.

© Added in version 0.19: SAGA solver.

[ © Changed in version 0.22: The default solver changed from ‘liblinear’ to ‘Ibfgs’ in 0.22.

© Added in version 1.2: newton-cholesky solver.
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FAAEFR ¢ sklearn.linear_model.LogisticRegression(penalty="11")

M1~k @ LogisticRegression®solver/\SX—=AD7I4)L MEH"liblinear"h*5
0. 22 ABF(ELIRFILT AT ILL TLR W Ibfgs" ([CENDD I

INTCRF A MDD

solver penalty

'Ibfgs’ 12', None
| © Changed in version 0.22: The default solver changed from ‘liblinear’ to ‘Ibfgs’ in 0.22.

‘liblinear’ 117, '12°

3t 1 solver='liblinear'ZBAxEI(ENN
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FEAAERT : pymongo.collection.save()



BE3:H™RZIBMNIDELECESD

AR  HFE B (CMongoDBIERMRFINT® B

FEAAERT : pymongo.collection.save()

Current Stable Release

(7.0-series)

¢ Release Notes for MongoDB 7.0 (Stable Release)
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FAAERT : pymongo.collection.save()

Previous Stable Releases
* Release Notes for MongoDB 6.0
* Release Notes for MongoDB 5.0

* Release Notes for MongoDB 4.4

EOL'ed Releases

e 42 o 24

e 40 o 22
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RMRFINTE

&R : pymongo.collection.save()

Legacy Documentation

MongoDB encourages upgrading to the most recent version to ensure
documentation support. If upgrading is not possible, archived
documentation is still available for previous versions. Archived

documentation no longer receives updates.

Select a Product

‘ MongoDB Manual V‘

Select a Version

‘ Version 4.2 v ‘

Download Documentation 3.
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FEAAERT : pymongo.collection.save()

Starting in MongoDB 4.2,

» Operations which replace documents, such as replaceOne() or update () (when used with a
replacement document), will first attempt to target a single shard by using the query filter. If the
operation cannot target a single shard by the query filter, it then attempts to target by the replacement
document. In earlier versions, these operations only attempt to target using the replacement document.

» The save () method is deprecated: use the insertOne() or replaceOne () method instead. The
save () method cannot be used with sharded collections that are not sharded by _-1id, and attempting
to do so will result in an error.
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FEAAERT : pymongo.collection.save()
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FA1EPT : boruta.BorutaPy()

NumPy 1.20.0 Release Notes

Deprecations

Using the aliases of builtin types like np.int is
deprecated

For a long time, np.int has been an alias of the builtin int . This is repeatedly a cause of

confusion for newcomers, and existed mainly for historic reasons.
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ISR 1 EBIRTFETBorutaz A S>3 8T E T 3EESS
F41EPT : boruta.BorutaPy()

..../site_packages/boruta/boruta_py.py

# holds the decision about each feature:

# 0 - default state = tentative in original code

# 1 - accepted in original code

# -1 - rejected in original code

dec_reg = np.zeros(n_feat, dtype=-)

# counts how many times a given feature was more important than
# the best of the shadow features

hit_reg = np.zeros(n_feat, dtype=np.int)

# these record the history of the iterations

imp_history = np.zeros(n_feat, dtype=np.float)

sha_max_history = []
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FA1EPT : boruta.BorutaPy()

MA>b : borutah’NumPy1.20 CRELEEN enp.intFEZ{EOTWS
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FHAEFR : pandas.read_pickle()
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