PRACTICAL TIPS FOR
BOOTSTRAPPING

INFORMATION =
EXTRACTION

_PIPELINES




XP
L 2 P
(dp)

SPACY o

Open-source library for 250M<
industrial-strength natural downloads
language processing . S— 4

spacy.io Industrial-Strength
Natural Language
Processing

Get things done Deep learning




SPACY “"

Open-source library for 250M<
industrial-strength natural downloads
language processing

spacy.io o Industrial-Strength

4 Natural Language
Processing

ChatGPT can
Write patterns to match US addresses using spaCy's SpanRuler write s pa Cy cod e!

Get things done Blazing fast Deep learning

y encels 3 lrpe-scale o

Sure, here are some patterns to match US addresses using spaCy's SpanRuler class:

1. Match street addresses:

sql ] Copy code

= [{"TEXT": {"REGEX": "/\[0'9]+[G—ZA—Z]?(—[@-9]+[a_ZA_Z]?)?$u}}’
{"IS_SPACE": }’
{"IS_ALPHA": . HOP": H+"},
{"IS_SPACE": 3, - )
{"TEXT": {"REGEX": "A(C(?i)(streetl|stlavenuelavelroadlrdlboulevard '\




PRODIGY

Modern scriptable annotation 10k= 900-<
tool for machine learning users | companies
developers

prodigy.ai
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TN (v - ) proouer | (omTe .

Ina March 2014 oare interview , Apple ose designer
Jonathan Ive person used the iPhone proover as an
example of Apple ose 's ethos of creating high - quality

, life - changing products .
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PRODIGY

Modern scriptable annotation 10k= 900-<
tool for machine learning users | companies
developers

o )

prodigy.ai LN [N (ovc ) (rrovicr ) (onre

' ey meiogy
' e

L
4 Ina March 2014 oare interview , Apple ose designer

Jonathan lve person used the IPhone proover as an

example of Apple ose 's ethos of creating high - quality

, life - changing products .
GPT-4 Qﬁf)

API

@prodigy.recipe("my-custom-recipe")

def my_custom_recipe(dataset, view_id="text"):
stream = load_my_custom_stream()

Kim Miller

Analyst

def update(examples):

print(f"Received ilen(examples)} annotations!")

return {

"dataset": dataset, ~ .
"view_id": view_id, % @ Alex Smlth |
"stream": stream, y Developer ONDGonten Aadertas ‘

"update": update




We’'re back to running
Explosion as a smaller,

independent-minded and
self-sufficient company.

explosion.ai/blog/back-to-our-roots

BACK TO OUR ROOTS

.,y
- ‘c
K >

-

Explosion builds developer tools for Al,
Machine Learning and Natural Language

Processing. - @)
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We’'re back to running

<*P¢

0,690

Explosion as a smaller, : :
independent-minded and G
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explosion.ai/blog/back-to-our-roots
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Turn text into data. Make a database from earnings

WH AT I MEAM BY reports, or skills in job postings, or product feedback

in social media - many more.
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Turn text into data. Make a database from earnings

WH AT I MEAM BY reports, or skills in job postings, or product feedback

IN FORMAT'ON in social media - many more.

EXTR ACT l O N == Lots of subtasks. Text classification, named entity
recognition, entity linking, relation extraction can all

be part of an information extraction pipeline.




WHAT | AN BY
INFORMATION

EXTRACTION

Turn text into data. Make a database from earnings
reports, or skills in job postings, or product feedback
in social media - many more.

Lots of subtasks. Text classification, named entity
recognition, entity linking, relation extraction can all
be part of an information extraction pipeline.

Mostly static schema. Most people are solving one
problem at a time, so that’s what I'll focus on.




"text": "Hoolil ratises $5m to revolutionize search, led by ACME Ventures",
"label": "FUNDRAISING",
"entities": |
{
"text": "Hooli",
"label": "COMPANY",
"org_name": "Hooli, Inc.",

s ol “Hooli raises $5m to
e A Vntres revolutionize search,

"org_name": "ACME Ventures",

'l led by ACME Ventures”

"text": "$5m",
"label": "MONEY",
"value": 5000000,
"currency": "USD"
}
1,

"relations": |
{"head_1id": 1681056, "child_id": 5923214, "label": "INVESTOR"}




"text": "Hoolil ratises $5m to revolutionize search, led by ACME Ventures",
"label": "FUNDRAISING",
"entities": |

{
COMPANY

"label": "COMPANY",
"org_name": "Hooli, Inc.",

s ol “Hooli raises $5m to
e A Vntres revolutionize search,

"org_name": "ACME Ventures",

'l led by ACME Ventures”

"text": "$5m", COMPANY

"label": "MONEY",
"value": 5000000,
"currency": "USD"
}
1,

"relations": |
{"head_1id": 1681056, "child_id": 5923214, "label": "INVESTOR"}

]




"text": "Hoolil ratises $5m to revolutionize search, led by ACME Ventures",
"label": "FUNDRAISING",
"entities": |

e e COMPANY HONEY

"label": "COMPANY",
"org_name": "Hooli, Inc.",

s ol “Hooli raises $5m to

o A et revolutionize search,

"org_name": "ACME Ventures",

'l led by ACME Ventures”

"text": "$5m", COMPANY

"label": "MONEY",
"value": 5000000, currency normalization

"currency": "USD"

}

],

"relations": |
{"head_1id": 1681056, "child_id": 5923214, "label": "INVESTOR"}

]
}




X

{

"text": "Hoolil ratises $5m to revolutionize search, led by ACME Ventures",
"label": "FUNDRAISING",
"entities": |

{
COMPANY CIEEEEED MONEY

"label": "COMPANY",

:org_name":""H?oli,.fnc.", ) ) ) ) 66 ® ° N
el Hooli raises $5m to

o A et revolutionize search,

"org_name": "ACME Ventures",

'l led by ACME Ventures”

"text": "$5m",
COMPANY (TR

"value": 5000000, currency normalization

"currency": "USD"

P
"relations": |
{"head_1id": 1681056, "child_id": 5923214, "label": "INVESTOR"}
]
}




"text": "Hoolil ratises $5m to revolutionize search, led by ACME Ventures",
"label": "FUNDRAISING",
"entities": |

{
COMPANY CIEEEEED MONEY

"label": "COMPANY",

:org_name":""H?oli,.fnc.", ) ) ) ) 66 ® ° N
f . “Hooli raises $5m to
|

o A et < revolutionize search,

"org_name": "ACME Ventures",
"crunchbase": "acmevc",

[ |
[
|
"db_id": 1681056 .

led by ACME Ventures”

"text": "$5m' Seel
"label": MONEY e COMPANY 1681056

) " INVESTOR

"currency

], entity relation extraction
"relations": |

{"head_id": 1681056, "child_id": 5923214, "label": "INVESTOR"}
]
}
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RIE: RETRIEVAL VIA INFORMATION EXTRACTION
- question --» O text-to-SQL --» + <-- [y NLP pipeline «-- [|]texts

RAG RETRIEVAL-AUGMENTED GENERATION
- question --» O vectorizer --» + <-- ¥ vector DB «-- 0 vectorizer «-- ||| snippets
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OUTLINE

1‘ Training tips
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OUTLINE
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2. Modelling tips
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OUTLINE

1‘ Training tips
2. Modelling tips
3.




SUPERVISED

LEARNING
IS STILL VERY

Example data is super powerful.
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ample data can
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Example data is super powerful.




Example data can

do things that
instructions can’t.

SUPERVISED

LEARNING
IS STILL VERY

STRONG

Example data is super powerful.

In-context
learning can’t use

examples scalably.
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KNOW YOUR

ENEMIES

What makes
supervised
learning hard?
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egg problem
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RESU LTS ARE (o0 Model doesn’t train at all.
B U :\ E [ \E/ |s the data messed up somehow?
(=% , Model learns barely better than chance.
l NTE R P RET \ 4 Could be data, hyper-parameters, modelling...

(L0) Results are decent!
& But can it be better? How do | know if I'm missing out?




I P¢

O
L
V\o
RESU LTS ARE (o0 Model doesn’t train at all.
AE @ = Is the data messed up somehow?
(59 Model learns barely better than chance.
l NTE R P RET \ 4 Could be data, hyper-parameters, modelling...
(L0) Results are decent!
= ] Butcan it be better? How do | know if 'm missing out?

(o & Results are too good to be true.
"2 ] Probably messed up the data...
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HYPOTHESIS
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HYPOTHESIS
QUESTION

¢o,so
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HYPOTHESIS

QUESTION
TEST

¢o,so



R
“l can’t connect to this site.” k

HYPOTHESIS

QUESTION
TEST
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souon ¢

“Maybe it’ll work if | reconnect to
the wi-fi or if | restart my router.”

HYPOTHESIS

QUESTION
TEST




souTion e (

“Maybe it’ll work if | reconnect to “If the problem is between me and the site, other
the wi-fi or if | restart my router.” sites won’t load either. If the problem is between
me and the router, | won’t be able to ping it.”

HYPOTHESIS

QUESTION
TEST
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EXSAMIPLES OFF
DEBUGGING TRAINING

\*\ What happens if | train on a tiny amount of data?
Does the model converge?
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EXSAMIPLES OFF
DEBUGGING TRAINING

\*\ What happens if | train on a tiny amount of data?
Does the model converge?

What happens if | randomize the training labels?

Does the model still learn?
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EXSAMIPLES OFF
DEBUGGING TRAINING

What happens if | train on a tiny amount of data?
Does the model converge?

What happens if | randomize the training labels?

Does the model still learn?

Y 4 Are my model weights changing at all during training?
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EXSAMIPLES OFF
DEBUGGING TRAINING

What happens if | train on a tiny amount of data?
Does the model converge?

What happens if | randomize the training labels?
Does the model still learn?
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Better needs to look better.
You need it to not be like this: --|----. /
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Better needs to look better.
You need it to not be like this: - ---. 4
N Larger models are e |
& often less practical. i ) X , / A
/:‘ 3 ' ,
..A.re"‘"&’"#" AR TS
. IXAAK Y D vv) 5 AW l‘ ' '\V
— You need it to work ','/ (‘V\?\\\\m?‘ .
- with small samples. : ‘”' /,',,",,..v, _'
I/ 7S "’",‘}:l’ f
\ Large models are less stable
| with small batch sizes.
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ITERATE ON
YOUR DATA ALD

SCALE DOWN
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PROTOTYPE

github.com/explosion/spacy-lim

GPT-4
AP

-----
- ~

task-

» specific

output

hy

"text":
"label":

"London",
"LOCATION",

"start_char": 0O,

"end_cha
"start":
"end": 0O

r": 6,

9,

prompt model &
transform output
to structured data
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github.com/explosion/spacy-lim
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PROTOTYPE

yo prompt ----- > task-
» specific
----- > output

distilled task-specific components

github.com/explosion/spacy-lim

{

hy

FION",
"text": "London", ),
"label": "LOCATION",
"start_char": 0O,
"end_char": 6,
"start": 0O,
"end": 0

task-
> specific
output

spaCy

prompt model &
transform output
to structured data

q
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&

-----
......
o - ~

task-
» specific
output

distilled task-specific components

github.com/explosion/spacy-lim

task-
> specific
output

spaCy

prompt model &
transform output
to structured data
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A‘
spaCy
y prompt ----- > task-
-------- > specific prompt model &
transform output
text ----- > output to structured data

Y
API

task-
specific / small & fast
output

distilled task-specific components

github.com/explosion/spacy-lim



-----
—————
2 >

task-
» specific
output

PRODUCTION

1 ltext ----» & -> s &

distilled task-specific components

github.com/explosion/spacy-lim

task-
> specific
output

spaCy

prompt model &
transform output
to structured data

v modular

</ small & fast

/ data-private



config.cfg

[components.llm]
"Ltm"

factory =

[components.llm.model]

@Llm_models

= "spacy.Azure.vl"

[components.llm. task]

@Llm_tasks

Labels =

= "spacy.NER.v3"

["bid_price", "buyer", "charterparty_options", "currency"]

[components.llm.task.label_definitions]

bid_price

"the bid price when a bid/ask spread is given in a heard"

buyer = "the entity buying the item/activity"
charterparty_options = "the options available for the charterparty"

currency

spacy.io/usage/large-language-models

"the money system used for a reported price"




£ <
AXAMPN spaCy component [components.llm]

factory =

config.cfg

1l ‘L'Ln] 1

[components.llm.model]

@Llm_models

= "spacy.Azure.vl"

[components.llm. task]

@Llm_tasks

Labels =

= "spacy.NER.v3"

["bid_price", "buyer", "charterparty_options", "currency"]

[components.llm.task.label_definitions]

bid_price

"the bid price when a bid/ask spread is given in a heard"

buyer = "the entity buying the item/activity"
charterparty_options = "the options available for the charterparty"

currency

spacy.io/usage/large-language-models

"the money system used for a reported price"




00 config.cfg

£ <
AXAMPN spaCy component [components.llm]

factory = "Llm"

[components.llm.model]
@Llm_models = "spacy.Azure.vl1l"

model and provider

QQBOQ 2 l“\‘L’”

[components.llm. task]
@Lim_tasks = "spacy.NER.v3"

labels = ["bid_price", "buyer", "charterparty_options", "currency"]

[components.llm.task.label_definitions]

bid_price = "the bid price when a bid/ask spread is given in a heard"
buyer = "the entity buying the item/activity"

charterparty_options = "the options available for the charterparty"”
currency = "the money system used for a reported price"

spacy.io/usage/large-language-models
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£ <

model and provider

@OQ 2 A\A‘

task definition and labels

Named Entity Recognition, Text
Classification, Relation Extraction, ...

00 config.cfg

[components.llm]
factory = "Llm"

[components.llm.model]
@Llm_models = "spacy.Azure.vl1l"

[components.llm. task]
@Lim_tasks = "spacy.NER.v3"

labels = ["bid_price", "buyer", "charterparty_options", "currency"]

[components.llm.task.label_definitions]

bid_price = "the bid price when a bid/ask spread is given in a heard"
buyer = "the entity buying the item/activity"

charterparty_options = "the options available for the charterparty"”
currency = "the money system used for a reported price"

spacy.io/usage/large-language-models
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£ <
AXAMPN spaCy component [components.llm]

factory =

model and provider

@OQ 2 A\A‘

task definition and labels labels =

Named Entity Recognition, Text
Classification, Relation Extraction, ...

bid_price

config.cfg

1l ‘L'Ln] 1

[components.llm.model]
@Llm_models

= "spacy.Azure.vl"

[components.llm. task]
@Llm_tasks

= "spacy.NER.v3"

["bid_price", "buyer", "charterparty_options", "currency"]

[components.llm.task.label_definitions]

"the bid price when a bid/ask spread is given in a heard"

buyer = "the entity buying the item/activity"

label definitions to use in prompt charterparty_options = "the options available for the charterparty"
currency = "the money system used for a reported price"

spacy.io/usage/large-language-models
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model and provider

@OQ 2 A\"‘

task definition and labels

Named Entity Recognition, Text
Classification, Relation Extraction, ...

label definitions to use in prompt

spaCy component

<*P¢

config.cfg

[components.llm]
factory = "LLlm"

[components.llm.model]
@Llm_models = "spacy.Azure.vl1l"

[components.llm. task]
@Lim_tasks = "spacy.NER.v3"

labels = ["bid_price", "buyer", "charterparty_options", "currency"]

[components.llm.task.label_definitions]

bid_price = "the bid price when a bid/ask spread is given in a heard"
buyer = "the entity buying the item/activity"

charterparty_options = "the options available for the charterparty"”
currency = "the money system used for a reported price"

example from S&P Global case study
explosion.ai/blog/sp-global-commodities

spacy.io/usage/large-language-models

0,690
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How much data do you need?
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How much data do you need?

TRAINING

Train curve diagnostic
Training 4 times with 25%, 50%, 75%, 100% of the data
% ner
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How much data do you need?

TRAINING

=============== Traln curve diagnhostic ===============
Training 4 times with 25%, 50%, 75%, 100% of the data
% Score ner

projection

Accuracy

25 50 75 100 125

% of examples

150
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How much data do you need?

TRAINING

=============== Traln curve diagnhostic ===============
Training 4 times with 25%, 50%, 75%, 100% of the data
% ner

projection

Accuracy

25 50 75 100 125

% of examples

150

EVALUATION

You need enough data to avoid
reporting meaningless precision.
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How much data do you need?

TRAINING

=============== Traln curve diagnhostic ===============
Training 4 times with 25%, 50%, 75%, 100% of the data
Score ner

projection

Accuracy

25 50 75 100 125

% of examples

150

EVALUATION

You need enough data to avoid
reporting meaningless precision.

Ten samples per significant figure
is a good rule of thumb.
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How much data do you need?

TRAINING

=============== Traln curve diagnhostic ===============
Training 4 times with 25%, 50%, 75%, 100% of the data
Score ner

projection

Accuracy

25 50 75 100 125

% of examples

150

EVALUATION

You need enough data to avoid
reporting meaningless precision.

Ten samples per significant figure
is a good rule of thumb.

1,000 samples is pretty good
- enough for 94% vs. 95%.

0,690



KEEP TASKS SMALL
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for 1 in range(rows):

access_data(array[i])

BAD

for j in range(columns):
access_data(array]|:,
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XEEP TASKS SMALL =

for 1 in range(rows):

access_data(array[i])

BAD

for j in range(columns):
access_data(array]|:,




7kP<

KEED TASKS SMALL [y s

for annotation_type 1in annotation_types:

U’

—_—y

for 1 in range(rows): for example in examples:

access_data(array[i]) annotate(example, annotation_type)

BAD
NOT THIS

for j in range(columns):

for example 1n examples:

access_data(array]|:, , , ,
for annotation_type 1n annotation_types:

annotate(example, annotation_type)
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USE MODEL ASSISTANCE

Suggest annotations however you can. Rule-

based, initial trained model, an LLM - or a
combination of all.




USE MODEL ASSISTANCE

Suggest annotations however you can. Rule-
based, initial trained model, an LLM - or a
combination of all.

Suggestions improve efficiency.
Common cases are common, so getting them
preset speeds up annotation a lot.
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USE MODEL ASSISTANCE

Suggest annotations however you can. Rule-
based, initial trained model, an LLM - or a
combination of all.

Suggestions improve efficiency.

Common cases are common, so getting them
preset speeds up annotation a lot.

Suggestions improve accuracy.
You need the common cases to be annotated
consistently. Humans suck at this.

<*P¢
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HUMAN

IN THE LOOP

explosion.ai/blog/human-in-the-loop-distillation
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HUMAN

IN THE LOOP

continuous evaluation

baseline @ srssssssnnnnnnnnnn;

explosion.ai/blog/human-in-the-loop-distillation
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HUMAN

IN THE LOOP

O
ey O

continuous evaluation

baseline @ srssssssnnnnnnnnnn;

explosion.ai/blog/human-in-the-loop-distillation
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O )
@
prompting O
O

continuous evaluation

baseline

explosion.ai/blog/human-in-the-loop-distillation
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Ina March 2014 oare interview, Apple ose designer

IN THE LOOP

Jonathan Ive person used the iPhone proouer as an
eeeeeee of Apple osc 's ethos of creating high - quality

, life - changing products .

o
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S
-

continuous evaluation

baseline

explosion.ai/blog/human-in-the-loop-distillation
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IN THE LOOP

XX | ore - | [ producT s | | DATE « |

Ina March 2014 oare interview, Apple ose designer

Jonathan Ive person used the iPhone proouer as an
eeeeeee of Apple osc 's ethos of creating high - quality

, life - changing products .

-~ ®~ transfer
~® learning

o
yo

S
-

continuous evaluation

distilled model

baseline

explosion.ai/blog/human-in-the-loop-distillation



$ prodigy ner.llm.correct todo_eval

./config.cfqg ./examples.jsonl

prodigy.ai/docs/large-language-models



recipe function
with workflow

$ prodigy ner.llm.correct todo_eval

./config.cfqg ./examples.jsonl

prodigy.ai/docs/large-language-models



recipe function dataset to save
with workflow annotations to

$ prodigy ner.llm.correct todo_eval

./config.cfqg ./examples.jsonl

prodigy.ai/docs/large-language-models
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What is a quote?

written text, quotations are signaled by quotation marks

The model is trained to recognise 3 entities

CONTENT - the direct quote, including quotation marks

Examples of different quotation styles:
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A quotation is the repetition of a sentence, phrase, or passage from speech or text that someone

has said or written. In oral speech, it is the representation of an utterance that is introduced by a
quotative marker, such as a verb of saying. For example: John said: "I saw Mary today
¢

SOURCE - the speaker, which might be a person, an organisation etc.
CUE - usually a verb phrase, indicating the act of speech or expression

SOURCE and/or CUE must always be accompanied by CONTENT, but CONTENT can exist
without a SOURCE or CUE.
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What is a quote?

A quotation is the repetition of a sentence, phrase, or passage from speech or text that someone

has said or written. In oral speech, it is the representation of an utterance that is introduced by a
quotative marker, such as a verb of saying. For example: John said: "I saw Mary today
¢

written text, quotations are signaled by quotation marks

""In
The model is trained to recognise 3 entities

SOURCE - the speaker, which might be a person, an organisation etc.
CUE - usually a verb phrase, indicating the act of speech or expression

CONTENT - the direct quote, including quotation marks

SOURCE and/or CUE must always be accompanied by CONTENT, but CONTENT can exist
without a SOURCE or CUE.

Examples of different quotation styles:

E.
.

3. Aftes
best”
ext that § uu\mm
o oduct
What s

byo
(i Nt
o P
hrase, ©
entence P
ofasent® sent
he

the
ionis ¥
AQuOtEET e
st OF e
L\\\n\.\\\
written

¢ oy ol ‘“

 $he wan
d that quotes “would be heg g detect”, s
she added
14. The .'mnn!a(nrgnl
we found this,,

i
aying FOTO L arks.
cerd OFSIVI"E 0o mat
ed by QuO
naled bY

.ulnu\ ed and said: #
aid. &

s art
Lx\ k\\\ﬂl tation:

xities: .
o recoBnise ent
traine

15. “And thist”

marks (€

5. Annot < CONTENT only !¢ nside quot marks and uotation
nd th

extinside quotat o
1y the tex

EN

e as
Annotat
The mode! ¥

" dotation marks)
fter CUE and | before quotati
tal
exclude text

When
We thought we had lsted i) gy quote styl
Another annotator sereameq,
Exclusions;

annotation
guidelines

hics
meq
um( al opy,
ﬂwd_ 9 anq, , cer, gy,
) cro 9 Cases gy 0 eneiyy, | Yes:
<tem in England: wd“'i’"dg ’“:m., e g
e healtheare SV B fed to . 10.pg, " SPace, '1w,,, ‘/’/vm,(,,(,
i, whiEh DTSR diate 00 R be cluadg ""mch,,,p.f,{,‘ i
NHS Confeder® h{mv ,umd ha Ww“m-mmw: Chris g, m‘"”""r.m 100 o 050, g
nmuvwhlw ern Treland, 04 e yhvu”‘“ nder o, o itiong] gog,, Mportapy»
walesard h ,‘,’mmblmg into T label (€ ibe “"w,,, Finy, i, Tiptiop j,
event the sle CONTE! Mgy . /Orm ’SOU
prever >d caphs with a singl® “""'rue/g Wt play fg "”/m,/z‘r/l\/'lp ure Rez.
ation * She said that somefip, jeopardse 1 span muliple PUET big st Do Aders, ln/ " g "’m,,:zd Taop 1, 1,
n organis? on decid Journalists useq , tes which SP4 an Y Congy, lim, h oy
crson, 0 8 \\\Lm\“ ed 0t 10 label exg withous sl paraph \‘,,nhoul Quotation marks, vy, 5. Amotate a0 We' relooking at 010N 0 1.y i g% g yim e P{I’(Im, dthe
e speaker:¥ ‘°“‘:,“ weact T N can et . Kuwarteng sid the . marks as a quo ks e quote)- s Today w'“‘”'“"""; 5, increases mjﬁf mm\d death \Pveth m,, late 45 50, " Ml g Pro "Ies/m:;g .
theSPECKL ase, otation T2 co itwassi er of Covid-relae aw working- Y hosp!"‘ the e ched Cr; 0 ney, fe 179 the n
SOURCE. aly A»LT\)\\“" B v CONTENT. DY \ 4 Sty lower tha gy e S WS ot et cas He told BBC R" hat the pohcy' Y losely mo mmrmq  beginning o ok © the COoNpEOPIE mepy o ogs /ﬁ ""l’/vg_,ax
‘m \‘;;T o direet b accompanied ™ * Thisisnoty "9 the third wave, 19 concern because W""“’ - h e e lower than they nation roltout e g "L ogp, ENT. 1y m"""’ Vioys), ]
s be acc quote, e o sa mucl  vac y 0 the, ers. y
st always like “wok itjust uses quotation marks (o i 1- seen. B (heyrf"“‘c"’ a0 feel Wi the VA ple to get Clatipgy 105 eary, s 1 bei uld be ¥ Withoy,
RCE and/ O EC“ 4rks to indicate a non-stagy, rates. Mercnfullu mplacent: t. But we allor wedpc P they gy 0. ! ”""':u @ tean ,, 'nlmn Quoge et jng,
SOURCE 2800 0 0 or Far standard English terp, v being CO" n the econom! Y il T VO ppy iting o Plaver i e, licati,
ata SOUR from u//umu today’s ref; ('t mean W us to 1eope’ of Nlystyy, VU L0 kgt OV 10 pg, 0 e, iy
withou _ andour doops g Y S TEfugCeS relicf ang sqiy “That doest ju! "“‘"”"’”d ity.”  anotate cach part Tt 550 el V0l Uit s 05 the ™ 0 W
A o(d\ﬁerel\l — < they include ™ “”h/mmm“ ar [m’u 0 lone child refygees gy “";m’ [/wyurvri('mmm[mmmp Has been SUee ce of o™ sdiional cue-verbs ) 00 groupg i, a,.,,:by, angy, arg, Im""“l)/u( . an p,
es et etime s here and desperate €65 Stranded in Fyrope o K to some ¢ orad 2. For e i g YU oy ki 5 01 e A€
Examp cely StV But som PErate to offer e, Pe, even those wh, bacl s such 8 e quotes)- Quote o me i N0 4 G angt s " Mty
jsani short. . o Sometimes M a home, whose 4 by word unu\u\n a 1 to supply s iy IU:II,,, /' e e "ing
s “This arevery o) he netimes quotatio s spltbY WO T o \u»\~ sefused to S\ hin g R g G 1o st " g 0 e,
She sai quotes cue-verd on marks are yseq When aquot - CONT iously mply Was e otes, , ith O,
jmetimes pefore @ speech. “Why am | for dramatic effecy 4 hﬂnmu h (; cmwc ilure to comPlY € said 4 " anngy, A then,
o oocurs ' am 1 doing ic effect o o e wi ny ha " ebook' ailty ); 0 mes ate ave, 7
2 Sh“\wsa‘d i h girect @uotation °° e May embellish 8 2" theannotator gy, 0 A Wpothetica theanet a ”“m:mm;m ider: cbook'f ke the g Shean o e, 50 many
ks the s cue’” May embellisheq this g it was th it t, Ve are St Quote
- ersion occurs where Liedont include tosay ~n.u',»-n:([$:[‘ Nlun;. SUggesting that Seottish poy CM"“’K‘:‘L?”";(, an 150 and sai Notes, Teseng o ro’:,,: T ,( teas —
tive inVe L erbwhid Sunshine, sh police officers neyer informatio _ i 0 li, ‘,,ﬂ
“Quota! awliary . o The ™ have occasion rate’. {61, was e and the court o . our s er us;
have an es! € annotator's motgo yqs - deliber QUE (hss ibun The g
= J us g this case WE m“co\ons(m““\“" " quote, 1 Was “hope for the best, Prepare for t \\ulw\:\\m\lmvvcr\v. as " CamP ksquy [m not ‘I“A\mn
s fold . o they Of jenttrue’ a e worst” but that', Do not .d by the )nqh ns losj Tact
e o gometimes 1Y g “that ; at's not 4 5 sas Gt ﬂ“ garded e ‘lu N
“gom Saying ysisnot Whatever ge dbook 165 SpeT et g #tl
¢ noted ratements son mar 9ets the job dop ear, Face! \ohat might Vtra
annotal?’ +octed the St  quotati e’ is my new mote, ploying d the II‘U
5 e Jist, reiec aqpeir use©f  People . sal for emplo n A an
5 journal scause B ple annotating article sith the
6. ganepoe e b eannotator ™ " format? content” oy m’»‘fq:: l;(.h\""‘ d a combination of 5 -} cooperating Al
. by Jotefo . alify as a quote, ation of a “broad source gnq
ore criticises  another @ s willbe » . nd vague
. They wer peally? ¢! poted ter’ ro0ks Koepka toy
consistent’- - puzaded. R “pmv“““”“dq that team spoy, “"f,i“””""/"“"”' the golfing mediqs .
id they W . el . s were . a’s co
he annotator said o distinguish P jsaquote ESHONIG of his commipmene 05 DNA,
. n
i @ hat for a M et W
e said the 1elooked P72
o W p said. ¥
aiffical ——
thea
indeed.
wqps difficutt ¥
10,168

ccor E.
g0, as €U
i or according
es \-uvh:\.\'\n\\!swords
ol indirect Cues:
6. Label ind
overage of rece
’ which have
"t to Team USA ang f, ¢
marks”
1t closing quotation”
jthout
aphs Witho!
really? .

» Which ys
@loyey,
Y thougy,
0

Meany,
Ontey ‘J~ an,
""“lw:\., i nee gy 00 ’<\n
1 109 representatives K" once gy, ,.,,‘ A
N an Wi rSon; Ames sl o
455, 30 l,s«vm" ddmm,cchnnaf ’”&lu. N "l... , "’"p. ‘\mh Job i dentifg hl ,,.,,(,, :' oversia)
= n-ca! e aec v Nat yo
for Amer ncenﬂ' imar- Wuragg > "ames g, Cans gh, © Will b
nt Acoardm? ”‘”Cf'ﬁ gjnhee ﬁ‘e‘"dz QU in their et  outy, * from SOURCE’,;' mm\ tobe be
ent commengs o abelled 35 ut
e Ruder 1 into public et s, ik e o, shovld e o the isste o determine el s,
el verbs, ke . ion into — “Thes
(tional ry] asal verbs: e vestigation Y g, (“Thes PProgey,
7 ™ investi URCE.
S when annotating; Doe called for @ deaiel ‘e name, indude 1750
abel quotation Jane Jongside the (HS
ation m and other ‘,“u-\m\vd* epresents NHS
il bel paraphrases with, Punctuation inside the  itle/fanction otator)  which e ¢ may
i * Without quotation marks g coprg*  CONTENT. Do noq 8 e ERS*’“ eof ‘""d"fs e hard decs
,5 jmetit as o “rea) ough 223 daiy rules 58 chief exe health ~i"“" tinue to TS
& counts & ly Covid-relate deputy e lhe ases con
s o dear iU - e muu»dm,/wmmnm,i(,gu(: deaths were reported o 73054 A ﬁmn |umm" community u:\;l o viartise f Covid
. IS are either . e at th rteng said: lay ~ higher um! nts
ere nOL SV aquote’ is min Tdon't see ger than hospit
@ they were raph 15 any cause for chan,
o e ext pa 9ing the
12 1 the 0
m\\

ch patie
e made about WP
have to

CONTENT,
ser to the COM
ersonal \mmmm closer ¢
there is a pers
9

er, but
ed carlier.
16 SOURCE & D0 L belled.

{he pronoun $ chould be 1ab
he

The,.
Guardian case study

@ explosion.ai/blog/guardian

ANNOTATION
STARTS AT HOME

P N e iy
A L = B
Tow Stns o § g Tt
Fe s 4 g et
Tre N

AL T
T W B e —

2232 MM Team P gy Data Annotation

Nrets O gted (Tom gresentng)

Vv é 5

P SO0NP T o

Rotational Labs

KPy

0,690



r

What is a quote?

A quotation is the repetition of a sentence, phrase, or passage from speech or text that someone

has said or written. In oral speech, it is the representation of an utterance that is introduced by a
quotative marker, such as a verb of saying. For example: John said: "I saw Mary today
¢

written text, quotations are signaled by quotation marks

""In
The model is trained to recognise 3 entities

SOURCE - the speaker, which might be a person, an organisation etc.
CUE - usually a verb phrase, indicating the act of speech or expression

CONTENT - the direct quote, including quotation marks

SOURCE and/or CUE must always be accompanied by CONTENT, but CONTENT can exist
without a SOURCE or CUE.
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